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Abstract. This article investigates the determinants of the decision to migrate and the role
of education. As the literature suggests that more educated workers tend to migrate over a
greater distance, we distinguish between migration from Kazakhstan within the CIS and wider
international migration. Our goal is to identify the driving forces behind any brain drain.

We use regional data to construct panel estimations of propensities to migrate with national
and regional education data and regional GDP per capita as determinants. We estimate separate
regressions for CIS migration and migration to other countries for the periods 2009-2014 and

For the period 2009-2014, we find that migration within the CIS responds strongly to the
economic situation at home while international migration is unaffected by the economy. Since
2015 both kinds of migration have become largely decoupled from the economy, while both follow

an increasing trend. In terms of their educational achievement, the cohorts of international and
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migrate among the population of Kazakhstan
2015-2019.
CIS migrants have become indistinguishable.
propensity to migrate.
Introduction

Since  independence, Kazakhstan has
experienced the outflow of 4.2 million migrants.
More recently, outgoing migration flows have
been almost balanced by incoming migration

flows with a net outflow of around 90,000
persons in the five years leading up to mid-year
2020.[1]. In the 2000s, Kazakhstan has developed
into an attractive destination for labor migrants
from other Central Asian countries, reflecting
differences in economic development [2]. A
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substantive part of migration out of Kazakhstan
is low-skilled: Ryazantsev [3] reports that in 2014
the construction sector was the main destination
of Kazakhstani migrant workers in Russia,
employing 42% of those with the work permit.
Our data confirm that, until recently, most workers
migrating to CIS countries was relatively low-
skilled while the - numerically smaller - group
of international migrants who migrate outside
of the CIS countries is more highly skilled. Yet
recent increases in the share of highly skilled
persons in the group of CIS-destined migrants
raises concerns about a potential brain drain.

Migration changes the skills composition of
the workforce as migrant workers self-select
into labour markets where their specific skills
level is relatively scarce. Yet education is also an
important determinant of the decision to migrate:
Generally, educated workers tend to migrate over
greater distances than uneducated workers: US
Census data shows that workers with less time
in education migrate relatively more within the
state than workers with more time in education,
who migrate relatively more between states [4].
Patterns of migration into the European Union
are compatible with self-selection (see [5]): non-
EU immigrants with high education tend to
migrate to EU countries where the education
level of the home population is relatively low and
where they show a relatively stronger presence
than EU workers.

Another main determinant of the decision
to emigrate is the wage difference — or more
generally the difference in likely economic well-
being — between the host labor market and the
home labor market [6].

In this study, we use regional migration data,
which distinguishes between CIS and non-CIS
international migration, and relate it to regional
GDP and regional and national education data.
For each kind of migration, we estimate four
different models for the periods 2009-2014 and
2015-2019. For the earlier period, we find that
migration to the CIS responds strongly to the
economic situation at home while international
migration is unrelated to the economic situation
at home. For the period 2015-2019, CIS and
international migration have become largely

decoupled from the economic situation at home.
More students in higher education at the national
level are associated with a greater propensity to
migrate across our samples.

The data further breaks down the educational
attainment of migrants, which allows us to test
whether educational attainment in the group
of CIS migrants is different from educational
attainment in the group of other international
migrants. While the share of migrants with high
education is greater in the group of international
migrants than in the group of CIS migrants when
looking at the entire period, these differences
have disappeared in the more recent subperiod.

Literature. The standard approach to the
economic decision to migrate is based on the Roy
model [6] which, in its simplest form, maintains
that migration occurs when the wage differential
— corrected for the pecuniary and non-pecuniary
costs of migration —is positive. Borjas [7] suggests
that thereis a skills premium for educated workers
moving to more developed economies. However,
Belot and Hatton [8] only observe this effect after
taking into account a poverty constraint in the
sending country. As the wage differential may or
may not respond positively to education the Roy
model does not make a clear-cut prediction for
the educational variables. Borjas [7] also suggests
that greater inequality in the host labor market
compared to the home labor market attracts
workers, but the evidence is mixed: Briicker and
Defoort [9] find that inequality in the receiving
and sending country increases the skill level of
migrants.

Schwartz [10], in his seminal paper on the
relationship between education and migration,
focuses on the set of migrants rather than
the population as a whole and examines the
of migrants’
locations — in this case, 9 divisions of the United
States. He finds that more educated migrants tend
to move further and that education has a larger
impact on the willingness to migrate further than
youthfulness. Schwartz suggests that information
costs related to finding opportunities at the
destination are likely to decrease in education
but to increase in distance. Moreover, the
psychic cost is likely to be positively associated

determinants moves between
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with distance while education contributes to
a reduction in this cost because the cultural
background of more highly educated workers
is more homogeneous across space. A recent
study [11] of the transition countries Poland and
Slovakia illustrates that the results are analogous
for internal and internal-plus-external migration,
although external migrants react more sensitively
to unemployment.

Briicker and Triibswetter [12] use data on the
East-West migration of East German workers
after unification from an employment sample to
explore whether they self-select. Unlike most of
the literature, they find that more highly educated
workers have a lower propensity to move as they
enjoy a scarcity premium in their home region.

In terms of Kazakhstan and its region,
Mansoor and Quillin [13] provide an overview
of early migration movements in the former
Soviet Union. Becker et al [14] use regional data
to examine migration from Kazakhstan to Russia.
The responsiveness of migrants in different
age groups to differences in the economic
development of the two countries suggests
an integrated labor market between the two
countries. They also find that it is mainly workers
in the population centers, which can avail of
opportunities in the Russian labor market. They
do not, however, consider education as a driver
of migration nor do they look at international
migration.

In a more recent article, Aldashev and Dietz
[15] look at movements between the Kazakhstani
regions. They consider distance along with
economic variables and population at origin
and destination as determinants and find that
economic differences drive migration within
the country. Overall, a picture emerges which is
compatible with workers from the poorer regions
moving to the population centers of Kazakhstan
and workers from the population centers moving
to Russia. Ryazantsev [3] gives an overview
of migration trends and labor market policies
involving Kazakhstan and Russia. He presents
data on the employment structure of Kazakhstani
labor migrants in Russia which is, however,
restricted to roughly one-half of migrants who -

in the absence of such a requirement - still apply
for work permits when they migrate.

The relationship between migration and
education has received particular attention in
the context of a feared, so-called “brain-drain”.
Generally, there is concern that less developed
countries lose highly qualified workers to more
developed countries [16]. But there may also be
positive effects of migration for the host countries
including remittances [17] or an increased
incentive for workers in home countries to invest
in education and become part of international
networks [18].

Our paper is the first paper we are aware
of which systematically analyses the different
drivers of CIS and international migration from
Kazakhstan based on available official regional
data. Itexplores economicand education variables
as determinants of the propensity to migrate and,
therefore, contributes to the question of how far
Kazakhstan is affected by brain drain.

Methodology

The preferred approach to determine the effect
of education on migration is to use individual-
level data. Such data
of education level, economic variables, and
migration decisions for every person of a random
sample which includes migrants and non-
migrants. Such data allows us to directly test our
hypotheses such as that education increases the
propensity to migrate over a greater distance.
Unfortunately, such data is unavailable in the
case of Kazakhstan.

Instead, we rely on regional data for the
differential observations necessary to test a
hypothesis. It is not uncommon that a researcher
who is interested in individual responses faces
a situation where the explanatory variables are
only available at an aggregate level, for example
at the level of postal codes or, as in our case, at
the regional level. In this situation, there are
necessarily efficiency losses in the estimation
compared to a situation where individual data is
available. This efficiency loss tends to be smaller,
the more variation there is in the observed
variables (see, e.g. the discussion in [19]). As our

involves observations
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Table 1
Share of migrants with high education among the groups of CIS and international
migrants, two-sample t-test with unequal variances for 2009 - 2019
Variable Obs Mean Std.Err. Std.Dev. | [95% Conf.
Interval]

Share of highly educated
among international 170 0.382307 0.01509 0.19675 0.352517 0.412096
migrants
Share of highly educated
among CIS migrants 176 0.336013 0.007701 0.10217 0.320814 0.351212
combined 346 0.358758 0.009465 0.157463 0.342108 0.375408
diff 0.046294 0.016942 0.012929 0.079658

diff = mean(IntShare) - mean(CISShare) t=2.7325
Ho: diff=0 Welch’s degrees of freedom = 252.969
Ha: diff <0 Ha: diff =0 Ha: diff >0
Pr(T<t)=0.9966 Pr(ITI>t1=0.0067 Pr(T>t) = 0.0034
Note: calculated by the authors based on [20]

descriptive statistics show, there is a considerable
variation for regional educational achievement
and propensity of the population to migrate. If
we want to show that individuals with higher
education are more likely to migrate over a greater
distance, we have to demonstrate that regions
with relatively more educated individuals tend
to produce more long-distance migration.

We use annual regional migration data for
the period 2009-2019, collected by the Statistics
Committee of the Republic of Kazakhstan [20].!

We divide our data into two subsamples:
the first sample runs from 2009 to 2014 and
the second sample runs from 2015 to 2019
corresponding to two post-crisis periods for
the economy of Kazakhstan.? Our estimations
show that behavior for the two time periods is
markedly different. Dividing the time series
also helps avoid problems with violations of the
asymptotic behavior of the data.’

1 Our data set and our estimation results can be retrieved
from www.geraldpech.net/materials.

2 Our observations start after the financial crisis of 2008/2009.
Another crisis hit the Kazakhstani economy in 2015 when
the oil price sharply decreased, putting pressure on the
exchange rate of the Kazakhstani tenge which was allowed
to freely float in August 2015, resulting in a major currency
devaluation.

3 See [23]. We encountered such problems when we estimated
a data set with less detail for the period 2004-2015.

The Statistics Committee counts as emigrants
those who fill out the paperwork required for
emigration. Temporary migrants, such as those
who study abroad, do not have to fill out the form.
However, those who go to study abroad might
choose to fill out the form if they plan to stay
abroad.* Our data breaks emigration numbers
down into the 16 regions (14 oblasts and the two
cities of Astana — now Nur-Sultan — and Almaty)
of Kazakhstan and divides migration flows into
migrants into the CIS countries and international
migrants.” We find that the average propensity
to migrate to the CIS in 2015 was 0.15% and rose
to about 0.2% in 2018. The average propensity to
migrate internationally elsewhere was 0.02%.°
We use national education data from the Statistics
Committee of the Republic of Kazakhstan [21],
which measures education as several students in
the age group from 18 to 22, and regional data for
students in higher education [22]. In addition, our
migration data [20] breaks down migration flows

4 URL: Verbal communication from the Statistics Committee
of the Republic of Kazakhstan.

> Since 2018, there are 17 regions, where Shymkent city is
counted separetly, in our regression analysis, we put the data
from Symkent into South-Kazakhstan obl, today is Turkestan
obl.

® Overall propensity to migrate from Kazakhstan is

comparable to the average propensity to migrate for the
European Union of 0.28%, see [24].
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to CIS countries and other countries by education
level. The latter allows us to conclude the relative
compositions of international and CIS migrants.
Table 2 gives an overview of regional migration
data, regional population, GDP, and enrollment
for the years 2009, 2015, and 2018.

The share of individuals with higher education
among international migrants is 38% compared
to a share of 34% among CIS migrants. Our t-test
shows that this difference is significant, i.e. the
two groups of migrants belong to populations
with clearly distinct levels of education. We
tested the subperiods 2009-2014 and 2014-2019
separately. It turns out that the result for the
first subperiod is quite similar, in the second
subperiod, the share of individuals with higher
education is 40% while their share among CIS
migrants is now 37.5%. So, while overall the role
of education for migrants has strengthened, it
did more so for CIS migrants. From our T-test
for this subperiod, the populations are no longer
significantly different.

Our regional education data consists of the
share of current students in higher education in
the overall population. Because that share may
or may not reveal educational characteristics of
the overall population, we also use the share of
individuals with higher education in the migrant
population emanating from the region as a
proxy for the regional educational achievement.
Although that may be different from the
population at large, it is not unreasonable to
expect that the data truthfully reveals at least
the rank of regions in terms of educational
achievement.”

As an indicator of the economic incentives
to emigrate from a region, we use regional GDP
per capita. While in view of the wide range of
destinations in the categories it is difficult to
calculate a meaningful wage differential, we can
argue that anegative shock tolocal GDP per capita
signals worsening prospects in the home labor
market. We use our panel data to estimate the

7 It is possible to argue that oblasti with fewer economic
opportunities may have fewer graduates but more of these
graduates would enter the group of emigrants. Even if this
were the case, the findings of Becker et al suggest that the
first destination of such graduates would be the population
centers of Kazakhstan rather than international or CIS
migration — see also our results on regional dummies.

propensity of a member of the overall population
to emigrate from an equation of the form:*

mi, = Bo + P1gdpic + P25ic +

1
Bseir + BoEr + ¢; + Uy (1)

where index i sis ignifies the region and t the
time variable. m,, is the propensity to migrate. We
estimate separate equations for the propensity to
migrate to CIS countries and the propensity to
migrate internationally. gdp, is GDP per capita
in the region, s, is the share of individuals with
higher education in the group of all itrants from
the region, e, is current enrollment in higher
education as a share of the overall regional
population, E, is the share of enrollment in
technical and higher education at the national
level in the relevant age cohorts.” Our theory
suggests that the coefficient of gdp, is negative as a
ceteris paribus increase of regional wages reduces
incentives to migrate. We expect the proxies for
regional and general education to be positively
associated with emigration as education tends
to generate a skills premium - as suggested
by Borjas [7] — and more so, for international
migration because migration distance tends to
increase with education — the effect discussed
by Schwarz [10]. ¢, is an unobserved effect
(oheterogeneityeterogeineity) and y, is an error
term. ¢, will be treated as a random effect or a
fixed effect (FE). The following presentation
explains the difference between the two methods
(see, e.g. [23]).

The random effects (RE) technique to
estimating a coefficient f effectively inserts ci
into the error term, under the hypothesis that c; is
orthogonal to all independent variables (i.e. gdp,
s, e, E of the regression (1) and accounts for the
implied serial correlation in the composite error
v,=c;+u, when using Generalized Least Squares
(GLS) analysis.

The idea for estimating a coefficient § under
fixed effects (FE) is to transform the equations to
remove the unobserved effect c. When at least two
time periods are available, several conversions

8 See, e.g. [15] for a comparable model of migration.

’Asa proxy we use the share of students in technical, higher
university education level relative to the size of students
in professional, technical and higher education for the age
group from 18 to 22 in each region.
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attain this aim. The FE transformation (or within
transformation) is obtained by first averaging the
equation (1) over t=1,..., T to get the cross-section
equation'

m; = Bo + f1gdp; + Bosi +

Baei + BaE +ci + 1 @

where m_i"s, gdp_i, s_i, e_i, E, u_i are the
corresponding  mean Substracting
equation (2) from equation (1) for each t gives the
FE transformed equation,

values.

my, —mf = By (gdpie — gdp;) + P50 — 1) +

Bs(eiw — ;) + Bu(E. —E) + (Hit —ﬂ) 3)
By this procedure, the unobserved effect ci

has been eliminated. Subsequently, we apply the

pooled OLS estimator to get estimates of f3.

A preference for either FE or RE is established
using the Hausman test: considering that FE is
consistent when ¢, and x, are correlated but RE is
inconsistent, a statistically significant difference
is interpreted as evidence against the hypothesis
of the random effect.

Results

Our results are summarized in tables 3 and 4.
Foreach model, we have run a fixed and arandom-
effects variant. The table shows the preferred
model where preference was established by the
Hausman test.

In all the models we tested we have included
the economic variable gdp, as a determinant.
Models (I) and (II) estimate equation (1) with
migration to the CIS countries as the dependent
variable. Model (I) uses local enrollment in
higher education, e, as proxy for educational
achievement, and model (II) uses the share of
educated migrants, s,, and controls for enrollment
at the national level, E..

For the period 2009-2014, the effect of local
GDP per capita is negative and significant in both
models, suggesting that the Roy model of relative
economic advantages is relevant for the decision
to migrate to CIS countries.

10 gee [23].

The constant in the model (I) confirms that
across regions, there is an autonomous tendency
to migrate of about 0.2% of the population.
While the proxies for regional educational
achievement are statistically insignificant, they
have the predicted sign and their magnitude is
quite substantive: if for a region enrollment were
100%, and assuming a linear relationship, the
propensity to migrate would increase to 0.3% in
the preferred random-effects model.

Model (IT) which controls for the overall level
of education at the national level is positive and
significant at the 10% level; the propensity to
migrate is explained by the interplay between
stay and greater
educational achievement pulling in the opposite
direction.

Overall, our estimations for CIS migration
in the period 2009-2014 confirm our theoretical
predictions.

Our international migration models for the
same period reveal a coefficient for the local
economy, gdp, which is statistically insignificant
and only in the case of the fixed effects variant
of the model (II) has the predicted sign. Again,
the constant of the model (III) confirms the
average propensity to migrate internationally
of 0.02%. However, the preferred fixed effects
variant of the model (III) shows a negative
effect of regional enrollment which is difficult
to square with our earlier observation that the
sample of international migrants has a greater
share of educated workers than the sample of
CIS migrants. However, the effect of education
could be absorbed by the constant. A breakdown
by regional dummies (not reported) shows that
the propensity to migrate internationally out of
Almaty city is twice as high as for any other city.
Model (IV) returns a negative effect of education
at the national level, suggesting an overall trend
for international migration which runs counter to
the trend for CIS migration.

Overall, our results show that there is
practically no short-term effect of the economic
situation on international migration while the
effect of regional education on the propensity
to migrate internationally is difficult to interpret

economic incentives to

from our data.
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Table 3
Determinants of the propensity to migrate to CIS and other countries in 2009-2014
CIS Migration International Migration
Model I Model II Model III Model IV
VARIABLES  a) fixed eff. b)random a) fixed eff. b)random a) fixed b)random a)fixed eff b)random
eff. + eff. t eff. eff. t eff +
gdpi -.000192**  -.000211*** -.000206™** -.000209***  -.000009 .000000 .000013 .000008
(.000092)  (.000079) (.000077) (.000075)  (.000014)  (.000010)  (.000011) (.000010)
si -.00071 -.000831 -.000172 -.000133
(.001563)  (0.001514) (.000219) (.000206)
ei .003095 .001378 -.002442* -.00060
(.00921) (.007372) (.001389)  (.000840)
E .003735* .003735* -.001363**  -.001350***
(.00221) (.002188) (.000309) (.000308)
Constant .002156*** .002253*** .000567 .000605 .000225*** ,000145***  .000834***  .000828***
(.000453)  (.000516) (.001192) (.001234)  (.000068)  (.000050) (.00017) (.000168)
Observations 96 96 96 96 96 96 96 96
R-squared 0.1027 0.1023 0.1372 0.1371 0.0426 0.037 0.207 0.205
Number of id 16 16 16 16 16 16 16 16
Standard errors in parentheses
¥ p<0.01, ** p<0.05, * p<0.1, t preferred model according to Hausman test
gdpi = regional per capita gdp; ei = regional enrollment; si = share of educated migrants, E = national enrollment
Note: calculated by the authors based on [20], [21], and [22]
Table 4
Determinants of the propensity to migrate to CIS and other countries in 2015-2019
CIS Migration International Migration
Model I Model IT Model III Model IV
VARIABLES a) fixed b) random a) fixed b) random  a)fixed  b)random a) fixed  b) random
eff. t eff. eff. eff. + eff. + eff. eff. eff. +
gdpi .000183** .0000171**  -.000064 -.000087 .000020** .000017** -.000003 -.000004
(.000076) (.000073) (.000088)  (.000081) (.000008)  (.000008) (.000010)  (.00001)
si .000462 .000524 .00005 .000053
(.001298)  (.000919) (.00011) (.000200)
ei .051241** .0022830 -.0008 -.00036
(.02465) (.019312) (.002703)  (.002115)
E .005412*** . 005618*** .000378*** .000391***
(.001083)  (.001037) (.000128)  (.000122)
Constant .000238 .001037 -.000737 -.000791 .000191*** .00019** .00002 .000017
(.000600) (.00071) (.00056) (.000739) (.000066)  (.00008) (.00007) (.000088)
Observations 80 80 80 80 80 80 80 80
R-squared 0.2176 0.2078 0.4102 0.4095 0.095 0.0947 0.2079 0.2077
Number ofid 16 16 16 16 16 16 16 16

Standard errors in parentheses

¥ p<0.01, ** p<0.05, * p<0.1, t preferred model according to Hausman test

gdpi = regional per capita gdp; ei = regional enrollment; si = share of educated migrants, E = national enrollment

Note: calculated by the authors based on [20], [21], and [22]
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For the period 2015-2019, in our estimation
of CIS migration, model (I) returns a positive
effect of regional GDP per capita, contradicting
the Roy model. It also shows a positive effect of
regional enrollment in our preferred fixed effects
estimation. If we screen off education at the
national level model (I), regional GDP per capita
becomes insignificant while education at the
national level is positive and highly significant.

Our estimation suggests that the reaction to
short-term economic developments no longer
plays a significant role in CIS migration.

In our estimations for international migration,
model (III) returns a significant and positive effect
of regional GDP, reflecting the same counter-
intuitive trend as in the case of CIS migration,
and an autonomous tendency to migrate of
0.02%. In model (IV), which screens off education
at the national level, all variables are insignificant
except for education at the national level.

The most striking feature of our results for the
period 2015-2019 is that the structural equations
for CIS migration and international migration
have become quite similar. The overall pattern of
our estimations for the 2009-2014 and the 2015-
2019 periods sheds further light on our earlier
comparison of the samples of international and
CIS migrants: as national education has increased
over time, the cohorts of international and CIS
migrants have become more educated and they
have not only become more similar in terms of
educational achievement but also their economic
behavior.

Conclusion

Our results suggest that migratory behavior
has changed between the periods 2009-2014 and
2015-2019. In the former period, the share of
educated individuals in the cohort of international
migrants was greater compared to the cohort of

CIS migrants. This difference has nearly melted
away as both cohorts have become on average
more educated. In many ways, determinants of
the behavior of international migrants and CIS
migrants have also become more similar.

In the earlier period, emigration to the CIS
countries seemed to act as a buffer for the
national Kazakhstani labor market, with a strong
negative effect of regional GDP per capita, while
international migration was largely unaffected
by the economic situation at home. In the period
2015-19, there is no such buffer effect for either
cohort.

National enrollment is positively correlated
with migration in the 2015-2019 period for both
destinations and CIS migration in the 2009-2014
period. There is a counter-trend for international
migration for the earlier period. The role of
regional enrollment turned out to be more
difficult to interpret but for CIS migration, our
results are largely in line with our theoretical
predictions.

Reflecting on our starting point that generally
more educated workers tend to migrate further,
this claim no longer seems to reflect the reality
of Kazakhstan in the international labor market.
While in terms of numbers, the CIS and in
particular Russia always has been an attractive
destination for educated Kazakhstani workers,
the relative premium to educated workers for
international migration must have decreased.

More research is needed to judge the
implications of this situation for a potential brain.
To put our results in perspective, migration from
Kazakhstan is mainly within the CIS region
and at a level that is comparable to migration
propensities between EU countries.

*For helpful comments we would like to
thank Leon Taylor and an anonymous referee.
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A. AkeOaes, A. Kyae0Oaesa, I'. ITex
Yrueepcumem KMMDIII, Aamamut, Kasaxcmar

YPOBeHIJ O6pa30BaHI/I§I B OITeHKe TeHACHIIMN VI CKAOHHOCTV K MUTI'panjiii HaCceAeHVsI Kaszaxcrana

AnnoTtamiss. B 9011 cTathe paccMaTpuUBalOTCs A€TEPMUHAHTEL PEIIeHN sl O MUTPaliy, B YaCTHOCTH, POAb
obpaszosanmsi. [TockoabKy B AnTepaTtype Ipegrioaaraercs, 4To 004ee oOpa3oBaHHble PaDOTHUKI MMEIOT TeH-
AGHITUIO MUTPMUPOBATh Ha OOAbIlee paccTosHMe, MBI pazanmdaeM murpanuio u3 Kasaxcrana 5 CHI' n 6oaee
IIMPOKYIO MeXAyHapoAHyIo murpauuio. Haira koneunast 11e4pb - onpeAeAuTh ABVDKYILNE CUABI, CTOSIINE 3a
YTEUYKOI MO3IOB.

ABTOpPBI UCIIOAB3YIOT PerMOHAAbHbIE JaHHBIe AAs IIOCTPOEHMs ITaHeALHBIX OLIeHOK CKAOHHOCTeM K MUTIpa-
LMK, IPUMEHSIs HallMOHaAbHBIE U peTiOHaAbHbIe AaHHBIe 00 00pasoBaHMM U pernoHaabHbii BBIT Ha aymty Ha-
ceseHNs B KadecTBe oIpeAeAsiomux GpakTopos. OIeHNBaloTCsA OTAeAbHbIe PETPeCCUN A4S MUTPAITUH B CTPaHbI
CHI u Mmurpanum B Apyrue CTpaHbl.

IToka 4TO cymiecTByeT Mal0 CUCTeMaTUYeCKUX MCCA@AOBaHMI MO «yTedke MO3ros» ns Kasaxcrana, u, Ha-
CKOABKO HaM M3BeCTHO, HeT MCCAeAOBaHUII B IIpeACTaBAeHHOM HallpaBAeHun uccaeloBanuii. Tekyiee mccae-
AOBaHIe JaeT Ba>KHYIO MHPOPMAIINIO O TOM, TAe COCPeA0TOUNTH Oy AyIITIe nccAe 0BaTeAbCKIe YCUANA.

3a nnepmog 2009-2014 roa0s MBI 0OHapy>K1ay, yTo Murpanys sHyTpu CHI' crapHO 3aBMCUT OT DKOHOMIYe-
CKOJI CUTyali BHYTPU CTPaHBbl, B TO BpeMsi KaK MeXXKAyHapoAHas MUrpanus He 3aBucut ot skonomuku. C 2015
roga oba BrAa MUTpalMM B 3HAYUTEABLHO CTeIIeHN OTAeAMANCH OT DKOHOMUKM, B TO Ke BpeMs 00a cAeAyioT
pacryimeit tenaeniuu. C TOUKM 3peHns 00pa3oBaTeAbHBIX AOCTVUYKEHII, KOTOPTH MeXAYHapOAHBIX MUTPAHTOB
u murpanTos 13 CHI' craan HepasAM4MMBIMH.

Karouesbie ca0Ba: MexxAyHapoAHasi MUTPalyisl, YeA0BeUeCKII KalluTaa MUTPaHTOB, yTedka Mo3ros, Kasax-

CTaH, permoHa4bHble€ AaHHbIE, CKAOHHOCTD K MUTPaLIIN.

A. AkeOaes, A. Kyae0Oaesa, I'. ITex
KMMD3II yrusepcumemi, Aamamul, Kasaxcman

KasakcTraH xaaKbIHBIH KOIIi-KOH ypaici MeH OeliiMaiairia Oaraaayaarsl OiaiMHiH geHreiii

AnnHoTamms. Makasaja KeIli-KOH TypaAbl IIeIIiMHIH aHBIKTayIIblAaphl JKoHe 0iaiM OepyaiH peai Typaasr
aiTelAaAbl. OaebuerrepaeH 6iaiMAi SKyMBICIIBLAAPABIH YAKeH KaIIBIKTBIKKA KOHBIC ay/AapaThIHABIFBI Typabl
anTbIAFaHAbIKTaH, 0i3 Kaszaxcrannan TM/-ra >xoHe XxaablKapaablK KeOIi-KOHABI akplpaTtaMbl3. bisaiH OGacTer
MaKCaTBIMBI3 — «HTeAAeKTyaAAbl MUTPaLVIsAFa» dCep eTeTiH KO3FayIlbl KyIITepAi aHBIKTay.

bi3 yaTTBIK >XoHe aliMaKTHIK 0iaiM >keHe >kaH OacrpiHa makkaHgarsl JKIO sxeHiHjeri aliMaKTHIK JdepeKTepai
KemIi-KoHFa OeltiMaiaikTi Oarazay aHBIKTaITHIH aKTOpAaphl peTiHAe KypaMbis. TM/] easepineH KoHEIC ayAa-
PYABIH >KoHe DacKa eajepre KeIIyAiH KeKe perpeccrsiaapblH OaralaiMbI3.

Osipre KasakcraHHaH «MHTeAAeKTyaaAbl MUTpalusfa» KaTBICTHI Kyileai sepTTeyaepi a3 >KoHe 3epTTey
OaFrbITBIH KOAAAQHATBIH 3epTTeyAep SKOK. AFBIMAAFHI 3epTTeyaep Ooaallak 3epTTey KyLI-Kirepid Kaida OarbiT-
Tay¥a 001aTBIHABIFEI TYpaAbl MaHBI3ABI aKIIapat Oepeai.

bis TM/ menOepingeri KeIi-KOH eajeri P)KOHOMUKaABIK JKargalira oTe MaHbI3Abl, a4 XaAblKapaAblK, KOIli-
KOH 9KOHOMUKara Toyeaai emec Aell caHaiiMbI3. bisAiH aliMaKTBIK >KYMBIC KYIIiHiH 0idiM geHreitiHe ceHiM 6ia-
AipyiMi3 MapAbIMCHI3, Oipak 00a>kaMAbI Oeariaepi Oap. YATTHIK AeHTeliAeri op >Kac TOITaphl OOVBIHIIA OiaiM
aayJa CTyAeHTTepaiH keIl 0eJiri >koHe aliMaKTa >KOFapbl 0idiM aaaTbIH XaABIKTBHIH KeIl 6e4iri xaabIKapaabIK
KOIII-KOHMEeH 0aiAaHbICThL.

TyitiH ce3aep: XaAbIKapaablK KeIIi-KOH, MUTPAHTTapABIH aJdaMI KallMTaaAbl, «MHTeAAeKTyaAAbl MUTpa-

msi», Kasakcras, aliMakThIK MaAiMeTTep, MUrparusira OeitiMaiaik.
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